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Analysis on Influencing Factors of Transfer of Rural Labor
Employment Based on Logistic Model in Xinjiang

DUAN Jing-jing, MENG Mei
(School of Management, Xinjiang Agricultural University, Urumgqi, Xinjiang 830052)

Abstract ; In order to promote the development of rural economic in Xinjiang, based on actual survey data of Xin-

jiang, Logistic model were used to analyze the influencing factors of the transfer of rural labor employment in

Xinjiang. The results showed that the age,education, bilingual education,annual household income, pension in-

surance, training and work pathways had a significant impact on the transfer of employment. Developing rural

education, especially the popularity of bilingual education, strengthening training efforts of the rural labor

force,improving the social security system in rural areas,and speeding up the pace of construction of small

towns,developing labor-intensive industries and cultivating new economic growth point of the rural labor force

were proposed,based on analysis of the results.
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Leaf Area Index Inversion Based on the

Environmental Satellite Data

SONG Qian,ZHANG Guo-qing. HUANG Nan,MO Hong,LIU Shu-bin
(Remote Sensing Fechnique Center Heilongjiang Academy of Agricultural Sciences, Harbin,

Heilongjiang 150086)

Abstract: The leaf area index(ILADis one of the most important parameters that reflect the farmland informa-

tion. Therefore, LAI play an important role in the situation of agricultural remote sensing. Basing on field sur-

vey data,the correlations between the HJ-CCD data and the parameters of maize and rice in Bin county were

systematically analyzed, and by adopting LLAI estimation models, including simple linear model, polynomial

model and logistic model, optimal inversion were conducted. The results showed that NDVI had the greatest

correlation with LAI, suggesting that the HJ-CCD data could be used to estimate LAl of maize and rice. Among

the three models, the polynomial model could greatly reduce LAI estimation error, with the accuracy reached

0. 805,and 0. 810.
Key words: H]-CCD; NDVI; LAI
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